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1.1. GAN
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Various GANs and its Application

A+t 139 7[=A
Face Aging

10 HO| X Z|X| A2 H2 7|7 SO H[YH QI HHS
O| 2 QUCt GAN Figure 1 O =olg = QU=0|
Random noise z7} FOXM 2 I O|2Z2H AKXt

&2 7IR Data G(z)E d45t= Neural Network?!
Generator G2 G7t -4t 7% Data?t X DataE
T&E5t= Network®! Discriminator D&
THECH G2 DO Loss function® =XtXo=z

St MRS E3 20| X3

Neural

I EnX=l¥e]
G AA et Z2 Datag Sampling2t = A& d62
ZHX=5 ZICHSHA Eloh stgol erddar E2

_'_

}
o

=X siZ1t Conditional inputl| =
Datal| d-dut 2 F7HHel =HE s cGAN,
WGAN, DCGAN, StyleGAN, CycleGANT} ZH2 CHFst

Architecture®| GAN ZEE0| Xtz A3 =0
QULE.

real fake

[ x |6 ]

Figure 1: 7|28 2l GAN Architecture



1.2. Face Aging

11-20 21-30 31-40

61-70 71-80

41-50 51-60
11-20 21-30 31-40

Eﬂﬂﬂ

41-50 61-70 71-80

~HE

Figure 2: Face Aging Task
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1.4. FID(Fréchet Inception Distance)
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2. Methodology
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2.1. Conditional GAN based approach
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2.2. CycleGAN based approach
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Figure 3: CycleGAN Architecture
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2.3. StarGAN based approach
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2.4. StarGAN based approach with Self-Attention
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Figure 4: Self-Attention Module
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3. Code Implementation
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3.2. StarGAN based approach
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3.3. StarGAN based approach with Self-Attention
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3.4. Performance Evaluation
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